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Defect Definition and Severity Ranking Defect Severity Prediction

Network Architecture

A Novel Dataset
12,583 natural images from Flickr

7 defects per image
5 annotation votes per defect

449,855 annotations

Goal
Simultaneously detect the
existence and severity of
seven photographic defects.

Ablation Study
Mean Ranking Correlation

Single-Column 0.7646
Separate Networks 0.7788
Regression L2 Loss 0.7879
Classification Loss 0.7740
Without Augmentation 0.7336
Multi-Column (Holistic) 0.7482
Multi-Column (Patch) 0.7789
Multi-Column (Combined) 0.8001

Comparison
Noise Haze Undesired Blur

Previous 0.4199 [1] 0.6615 [2] 0.4864 [3]
Ours 0.8174 0.8490 0.6867

Defect Heatmap
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