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FANGZHOU LIN

Researcher with a Ph.D. in Computer Science and Data Science, and 5+ years of academic and industrial research in intelligent systems. Develops learning-
based perception, predictive world models and planning, 3D reconstruction, and computational imaging frommathematical formulation through repro-
ducible Python/C++/PyTorch implementation and publication. Research appears at CVPR, ICLR, NeurIPS, ICCV, IROS, WACV, and TPAMI, with
applied validation in autonomous driving and biomedical imaging. Prepared to build a student-engaged program connecting lectures, laboratories, and cap-
stone projects with research in robotics, signal/image processing, and trustworthy AI.

ACADEMIC FOCUS
Research: Robotics and autonomous systems; perception and planning; world models; 3D reconstruction; signal/image processing; multimodal AI
Teaching Interests: Machine learning; computer vision; robotics; digital image and signal processing; engineering probability and optimization; senior design
Experimental & Computational: Python; C/C++; CUDA; PyTorch; Linux; Docker; simulation; GPU experimentation; reproducible benchmarking

RESEARCH EXPERIENCE
MAY 2026 – PRESENT
Research Scientist, Robert Bosch LLC, Sunnyvale, CA, USA
• Conceived a hyperparameter-free log-cosh objective for latent world-model prediction and planning; across 7 environments and two model frameworks, it

never underperformedMSE and improved task success by up to 10 percentage points with geometric regularization.
• Led the project from research question and mathematical formulation through cross-framework implementation, controlled ablations, and failure analysis,

producing reproducible guidance for learning-based prediction and planning.
MAY 2025 – AUG 2025
Research Scientist, Robert Bosch LLC, Sunnyvale, CA, USA
• DevelopedNexusFlow, a lightweight partially supervised framework unifying dense map reconstruction andmulti-object tracking under geographic domain

shift; achieved state of the art on nuScenes and consistent segmentation, depth, and surface-normal gains on NYUv2 (CVPR 2026).
• Co-developedPantheon360, a 3D-aware 360° video diffusion frameworkwith an explicit 3DCache for camera-controllable generation, geometric consistency,

and simulation-ready digital twins (CVPR 2026).
AUG 2025 – PRESENT
Research Associate, Texas A&M University, College Station, TX, USA
• Built CV-Arena, a 12K-pair benchmark spanning 16 visual tasks and 21 systems, with Active Elo sampling and a logic-gated VLM judge that integrates human

preferences into scalable, interpretable evaluation.
• Developed CV-Agent, a closed-loop plan–edit–verify system that translates visual instructions into structured plans, executes operations, diagnoses discrep-

ancies, and iteratively corrects its outputs.
• Developed a falsification-driven research loop in which adversarial agents generate counterexample environments, expose model failures, and refine candidate

solutions; its discovered FNG-CE loss outperformed CE and CE+L2 through ImageNet scale.
NOV 2021 – APR 2025
Research Assistant, Worcester Polytechnic Institute, Worcester, MA, USA
• DevelopedDeep LossConvexification, integrating adversarial learningwith classical iterative optimization for point-cloud registration andmultimodal image

alignment (TPAMI).
• Developed GPS, a probabilistic distributional similarity for low-data representation learning that improved few-shot image classification and 3D point-cloud

completion across architectures and datasets (ICLR 2025).
• Built a view-free multi-branch Transformer for point-cloud completion, combining cross-attention and self-attention to outperform image-guided multi-

modal systems on ShapeNet-ViPC.
• Developed plug-in geometric objectives and a gradient-matching loss-search pipeline, delivering robust, efficient state-of-the-art 3D reconstruction across

PCN and ShapeNet benchmarks (NeurIPS 2023; ICCV 2023; IROS 2024).
• Led SPADE, a hybrid analytical and data-free ML framework for medical-image denoising, validated across simulation, phantom, ex vivo, and in vivo studies

with more than 15 dB SNR improvement in high-noise cases (Photoacoustics 2025).

STUDENT-ENGAGED RESEARCH PROGRAM
• Intelligent Robotics & Control: Data-efficient world models, multi-sensor perception, and robust planning under distribution shift, organized as progres-

sive projects from simulation to system-level evaluation.
• Computational Imaging & Signal Processing: Physics-informed and statistical learning for reconstruction, denoising, and sensing, extending prior vali-

dation across simulation, phantoms, and biological studies.
• TrustworthyMultimodal AI:Human-in-the-loop evaluation, verifiable agents, and open benchmarks that support collaborative student teams and applied

partnerships.

EDUCATION
APR 2021 – JAN 2024
Doctor of Philosophy in Computer Science and Data Science, Tohoku University, Sendai, JAPAN
Advisors: Prof. Kazunori D. Yamada and Prof. Kengo Kinoshita GPA: 4.0/4.0

SELECTED HONORS
Gold Prize, 3rd AIMathematical Olympiad Challenge (5th of 3,450 globally), 2026 | Tohoku University Doctoral Fellowship, 2021–2024
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Invertible FlowNetworks. In IEEE/CVF Conference on Computer Vision and Pattern Recognition (CVPR).
2. Chen, T.-H., Chen, Y.-H., Tu, T., Lee, J.-Y., Wu, C.-Y., Lin, F., Zhang, H., Paz, D., Huang, X., Guo, Y., Liu, Y.-L., Wang, Y., & Ren, L. (2026). Pantheon360:

Taming Digital Twin Generation via 3D-Aware 360° Video Diffusion. In IEEE/CVF Conference on Computer Vision and Pattern Recognition (CVPR).
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Reasoning. Under review in The Fortieth Annual Conference on Neural Information Processing Systems (NeurIPS).
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Reasoning. Under review in The Fortieth Annual Conference on Neural Information Processing Systems (NeurIPS).

10. Li, P., Lin, F., Xing, S., Zheng, X., Hong, X., Sun, J., ... & Ni, C. (2026). BibAgent: An Agentic Framework for Traceable Miscitation Detection in Scientific
Literature. Under review in Nature.
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13. Jiang, L., Wang, Y., Su, Y., Xing, S., Chen, W., Zhang, X., ... Lin, F. (2025). KANMixer: Can KAN Serve as a NewModeling Core for Long-term Time Series
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