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Topologically consistent Face inference from multi-view
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Goal: Face Capture and Registration
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Data: >1,200 curated ground truth (Li, Bladin and Zhao et al. CVPR 20)
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Results

= Methods Time Automatic

= Traditional pipeline 600+ X
DFNRMYVS [4] 4.5 v

E ToFu (base mesh) 0.385 v

g ToFu achieves 2~3 orders of magnitude faster runtime compared

_ , to the existing methods
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ToFu shows robustness to facial hairs and specularity, which were

baffling the traditional methods ToFu outperforms existing method in dense correspondence quality
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ToFu outperforms existing method in geometric accuracy
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ToFu infers temporally stable registrations although trained
and tested frame-by-frame.

Future Work

ToFu infers skin detail and appearance maps, enabling high-quality rendering
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General objects

Our method can work on a new capture setup (CoMA datasets)
with fine-tuning.

Scan-to-mesh ~ Checkerboard
distance rendering

Fewer requirement

A complete head model
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